Sony Al

Theinternational journal of

Composing Efficient, Robust Tests for Policy Selection s

Dustin Morrill, Thomas J. Walsh, Daniel Hernandez, Peter R. Wurman, Peter Stone

Sony Al

https://ai.sony/joinus/

ORUNG.

FﬂR[:E Dustin.Morrill@sony.com

A real Al deployment

problem: Hundreds of

candidate deployment
policies, dozens of test

Constructing a Robust Test with RPOSST Empirical Results
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Test cases (opponents) 16 and 41 were chosen by
CVaR(n) RPOSST: 41 provides a nearly 50/50
information split and 16 (a weaker policy) is

beaten soundly by only very good policies.
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